
Chapter 6

Syntactic Characterizations of
Complexity Classes in Blum Shub and
Smale Model

In this chapter, we focus on the Blum Shub and Smale [Blum et al., 1989] model of computations. This is
a discrete time model that has been initially introduced to discuss of the complexity of problems related to
polynomials [Blum et al., 1989], [Blum et al., 1998]. It has later on been extended by Poizat in [Poizat, 1995],
[Goode, 1994] into a model of computations over an arbitrary logical structure.

This chapter is conceived as a catalogue of our results related to the characterization of complexity classes
in this model. All the results that are presented here are in the spirit of the characterization of polynomial
time of [Bellantoni and Cook, 1992] in classical complexity.

6.1 Introduction

Blum Shub and Smale (BSS) model is one of the approaches to study the complexity or the computability of
problems over the reals. The most known approach is recursive analysis introduced by Turing [Turing, 1936],
Grzegorczyk [Grzegorczyk, 1957], and Lacombe [Lacombe, 1955]. In the recursive analysis approach one
considers that a real is represented by a quickly converging sequence of rationals, and one says that a function
is computable when there is an effective way to transform any representation of a real into a representation of
the image of the real by the function: see [Weihrauch, 2000] for a recent monograph that presents recursive
analysis. Complexity notions can be defined in this model [Ko, 1991].

Blum, Shub and Smale introduced in [Blum et al., 1989] another approach to talk about the complexity of
problems over the reals. Their model is sometimes called the real Turing machine. This model, in opposition
to recursive analysis, measures the complexity of problems in terms of the number of arithmetic operations
that are required for their resolution, independently of the representation of reals.

The model, initially introduced to deal with algebraic complexity of problems on the field of the reals,
or more generally over arbitrary rings, has later on been extended by Poizat in [Poizat, 1995], [Goode, 1994]
into a computational model over an arbitrary logical structure.

Depending on the considered logical structure, one can obtain a whole complexity theory, with complexity
classes such as P , NP , reduction notions, complete problems, and questions like P 6= NP?, for which an
answer can sometimes be provided for some structures.

As classical complexity can be seen as the restriction of this notion of computations for the particular
case of boolean or finite structures, this model gives new insights on older problems of classical complexity,
or on their links with logic.

In particular, this model gave birth to numerous papers devoted to understand which result from classical
complexity can be generalized to other structures than booleans: see monograph [Blum et al., 1998].
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Through the PhD of Paulin Jacobé de Naurois, also co-supervised by Felipe Cucker in Hong-Kong and
Jean-Yves Marion in Nancy, we tried to understand if it was possible to characterize syntactically complexity
classes in this model over an arbitrary structure.

Since there exist in classical complexity several such characterizations, the question can be seen as un-
derstanding whether these results extend to arbitrary logical structures.

Another strong motivation is the following: syntactic characterizations of complexity classes define these
classes without any explicit reference to a notion of machine. Since there are several computational models
over the reals, this adds to the legitimacy of considered complexity classes. Indeed, since the relations between
the models over the reals are far from being all clear, being able to define complexity classes without fixing
the model of computation is a way to circumvent the problem, and to legitimate the idea that the considered
class is independent of all variations that can be considered on the model.

Observe in addition, that we obtain some characterizations of complexity classes that are sometimes as
much natural, or even more, natural than classical definitions.

Based on the characterization by Bellantoni et Cook of polynomial time in classical complexity in
[Bellantoni and Cook, 1992], we first obtained a syntactic characterization of computable functions, as well
as of polynomial time computable functions in terms of safe recursive functions.

We later on obtained a characterization of functions that are computable in parallel polynomial time in
terms of recursive functions with substitutions. This result generalizes the result of [Leivant and Marion, 1995]
to arbitrary structures.

By generalizing the results from [Bellantoni, 1994], we also obtained a characterization of all levels of the
polynomial hierarchy in terms of safe recursion with predicative minimization, and of the polynomial digital
hierarchy in terms of safe recursion with digital predicative minimization.

We also characterized polynomial alternating time in terms of safe recursion with predicative substitu-
tions, and digital polynomial alternating time in terms of safe recursion with digital predicative substitutions.

In this chapter, we recall in a synthetic (or catalogue) way the set of our results. The results that are
presented here are published in journals [Bournez et al., 2006], [Bournez et al., 2005a], and in conferences
[Bournez et al., 2003], [Bournez et al., 2004a], and [Bournez et al., 2004b].

All these characterizations are in the straight line of the characterizations, of the so-called implicit com-
plexity, following the work from Bellantoni and Cook [Bellantoni and Cook, 1992]. The first characterization
of polynomial time by an algebra of functions without explicit reference to a model of computation is due to
Cobham in [Cobham, 1962]. However, the schemas of [Bellantoni and Cook, 1992] are really more natural.

Other machine-independent characterizations exist in classical complexity: see for example the mono-
graphs and surveys [Clote, 1998], [Ebbinghaus and Flum, 1995], [Immerman, 1999]. In particular, there is
the whole domain of research that concerns the characterizations of descriptive complexity, based on relations
or global methods of finite model theory.

Descriptive complexity is born from the work of Fagin [Fagin, 1974], which proved that class NP can
be characterized as the class of sets that can be defined in second-order existential logic. Vardi and Im-
merman [Vardi, 1982], [Immerman, 1987], [Immerman, 1986] used this approach to characterize complex-
ity class P . Other characterizations exist for classes such as LOGSPACE, in [Gurevich, 1983] or for
class PSPACE, in [Moschovakis, 1984], [Gurevich and Shelah, 1986], [Immerman, 1987], [Bonner, 1989],
[Abiteboul and Vianu, 1989], [Leivant, 1990], [Abiteboul et al., 1990], [Abiteboul and Vianu, 1991], [Immerman, 1991].
A synthetic presentation of the domain can be found in [Ebbinghaus and Flum, 1995], [Immerman, 1999],
[Clote, 1998]. All these characterizations are in classical complexity.

In [Grädel and Meer, 1995], the notion of R-structure was introduced, and characterizations of classes
P and NP over the field of reals in terms of logics over these R-structures have been established. These
results have later on been extended in [Cucker and Meer, 1999] to other complexity classes, and also in
[Grädel and Gurevich, 1998] to other structures than the fields of reals.

We are also coauthors of an extension of the notion of R-structure to arbitrary structures. However, we
decided to focus in this chapter on the approaches à la Bellantoni and Cook. Refer to [Bournez et al., 2005b]
for these characterizations.

We will add to all these arguments about motivation, that about the question why being interested in
the BSS model, that chapter 1 shown several times that polynomials appear naturally when one discusses
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problems over the reals, even when they are not expected. This model is clearly more natural than recursive
analysis to discuss the complexity1 of problems related to polynomials.

Furthermore, in a programming perspective, one way to interpret these results is to consider computability
over an arbitrary structure as a programming language with extra-operators coming from some external
library. This observation, and its potential for the construction of methods to derive automatically properties
of programs in the spirit of [Hofmann, 1999], [Jones, 2001], is also one of the motivations of this work.

All the results in this chapter constitute a part of the PhD thesis work of Paulin Jacobé de Naurois. They
all have been obtained in collaboration with his supervisors, Felipe Cucker, Jean-Yves Marion and myself.

6.2 Computations over an Arbitrary Structure

Let’s start by introducing briefly computability and complexity over an arbitrary structure. For more details,
refer to monograph [Blum et al., 1998], for structures in relations with real numbers, or complex numbers,
or to the book [Poizat, 1995] for considerations on more general structures.

Definition 1 A structure K = (K, {opi}i∈I , rel1, . . . , rell,0,1) is given by some underlying set K, a family
of operators opi, and a finite number of relations rel1, . . . , rell. Constants correspond to operators of arity
0. While the index set I may be infinite, the number of operators of arity greater than zero needs to be
finite. We will not distinguish between operator and relation symbols and their corresponding interpretations
as functions and relations respectively over the underlying set K. We assume that the equality relation =
is a relation of the structure, and that there are at least two constant symbols, with different interpretations
(denoted by 0 and 1 in the sequel) in the structure.

An example of structure is K = (R,+,−, ∗,=,≤, {c ∈ R}). Another example, corresponding to classical
complexity and computability theory is K = ({0, 1},=,0,1).

We denote by K∗ =
⋃

i∈N Ki the set of words over the alphabet K. The space K∗ is the analogue to Σ∗

the set of all finite sequences of zeros and ones. It provides the inputs for machines over K. For technical
reasons we shall also consider the bi-infinite direct sum K∗. Elements of this space have the form

(. . . , x−2, x−1, x0, x1, x2, . . .)

where xi ∈ K for all i ∈ Z and xk = 0 for k sufficiently large in absolute value. The space K∗ has natural
shift operations, shift left σ` : K∗ → K∗ and shift right σr : K∗ → K∗ where

σ`(x)i = xi−1 and σr(x)i = xi+1.

In what follows, words of elements in K will be represented with overlined letters, while elements in K will
be represented by letters. For instance, a.x stands for the word in K∗ whose first letter is a and which ends
with the word x. We denote by ε the empty word. The length of a word w ∈ K∗ is denoted by |w|.

We now define machines over K following the lines of [Blum et al., 1998].

Definition 2 A machine over K consists of an input space I = K∗, an output space O = K∗, and a register
space2 S = K∗, together with a connected directed graph whose nodes labeled 0, . . . , N correspond to the set
of different instructions of the machine. These nodes are of one of the five following types: input, output,
computation, branching and shift nodes. Let us describe them a bit more.

1. Input nodes. There is only one input node and is labeled with 0. Associated with this node there is a
next node β(0), and the input map gI : I → S.

2. Output nodes. There is only one output node which is labeled with 1. It has no next nodes, once it is
reached the computation halts, and the output map gO : S → O places the result of the computation in
the output space.

1and not necessarily the computability.
2In the original paper by Blum, Shub and Smale, this is called the state space. We rename it register space to avoid confusions

with the notion of ‘state’ in a Turing machine.

3



3. Computation nodes. Associated with a node m of this type there are a next node β(m) and a map
gm : S → S. The function gm replaces the component indexed by 1 of S by the value op(w1, . . . , wn)
where w1, w2, . . . , wn are components 1 to n of S and op is some operation of the structure K of arity
n. The other components of S are left unchanged. When the arity n is zero, m is a constant node. A
given machine uses only a finite number of constants, however, in order to compare different machines
and to denote the notion of reduction between them and completeness, we need to include all possible
constants in the underlying structure K. Thus the possibly infinite index set I.

4. Branch nodes. There are two nodes associated with a node m of this type: β+(m) and β−(m). The next
node is β+(m) if rel(w1, . . . , wn) is true and β−(m) otherwise. Here w1, w2, . . . , wn are components 1
to n of S and rel is some relation of the structure K of arity n.

5. Shift nodes. Associated with a node m of this type there is a next node β(m) and a map σ : S → S.
The σ is either a left or a right shift.

Several conventions for the contents of the register space at the beginning of the computation have been used
in the literature [Blum et al., 1998], [Blum et al., 1989], [Poizat, 1995]. We will not dwell on these details
but focus on the essential ideas in the proofs to come in the sequel.

In other words, a machine over K is essentially a Turing Machine, which is able to perform the basic
operations {opi} and the basic tests rel1, . . . , rell at unit cost, and whose tape cells can hold arbitrary
elements of the underlying set K [Poizat, 1995], [Blum et al., 1998]. Note that the register space S above
has the function of the tape and that its component with index 1 plays the role of the scanned cell.

Definition 3 For a given machine M , the function ϕM associating its output to a given input x ∈ K∗ is
called the input-output function. We shall say that a function f : K∗ → K∗ is computable when there is a
machine M such that f = ϕM .

Also, a set A ⊆ K∗ is decided by a machine M if its characteristic function χA : K∗ → {0,1} coincides
with ϕM .

A configuration of a machine M over K is given by an instruction q of M along with the position of the
head of the machine and two words wl, wr ∈ K∗ that give the contents of the tape at left and right of the
head.

We can now define some central complexity classes.

Definition 4 A set S ⊂ K∗ is in class PK (respectively a function f : K∗ → K∗ is in class FPK), if there
exist a polynomial p and a machine M , so that for all w ∈ K∗, M stops in time p(|w|) and M accepts iff
w ∈ S (respectively, M computes function f(w)).

This notion of computability corresponds to the classical one for structures over the booleans or the
integers, and corresponds to the one of Blum Shub and Smale in [Blum et al., 1989] over the real numbers.

Proposition 1 (i) The class PK is the classical P when K = ({0, 1},=,0,1).

(ii) The class PK is the class PR of [Blum et al., 1989] when K = (R,+,−, ∗,=,≤, {c ∈ R}).

It is also possible to consider the analogue of all the other classes known in classical complexity.
For non-deterministic classes, one subtlety is that two kinds of nondeterminism may be considered ac-

cording to whether the witness is allowed to be an arbitrary element of the structure or is restricted to be in
{0, 1}. The latter is usually called digital and a letter D is used to denote complexity classes arising from the
use of digital nondeterminism. Note that in classical complexity theory, i.e., over a finite structure, these two
notions of nondeterminism coincide and they yield the same polynomial hierarchy and class of polynomial
alternating time. Moreover, polynomial alternating time coincides with PSPACE and with PAR (the class
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of sets decided in parallel polynomial time). This needs not to be so over infinite structures. For instance,
over (R,+,−, ∗, /,≤), we have the following inclusions of complexity classes [Cucker, 1993]

DPATR PATR
↗ ↘ ↗ ↘

DPHR PARR PEXPR
↘ ↗ ↘ ↗

PHR EXPR

where an arrow means inclusion, EXPR denotes exponential time, PEXPR parallel exponential time, PHR is
the polynomial hierarchy, and PATR polynomial alternating time. In addition the two inclusions PARR ⊂
PATR and PARR ⊂ EXPR are known to be strict. Refer to [Blum et al., 1998] for a complete discussion.

In what follows, we will present syntactic characterizations of main classes of this diagram. The rest of
this chapter is voluntary a catalogue of our results.

6.3 Computable Functions

Let’s start by characterizing computable functions. As in the classical setting, computable functions over an
arbitrary structure K can be characterized algebraically, in terms of the smallest set of functions containing
some initial functions and closed by composition, primitive recursion and minimization. In the rest of this
section we present such a characterization.

6.3.1 Partial Recursive Functions and Primitive Recursive Functions

We consider functions (K∗)n → K∗, taking as inputs arrays of words of elements in K, and returning as
output a word of elements in K. When the output of a function is undefined, we use the symbol ⊥.

Definition 5 We call basic functions the following four kinds of functions:

(i) Functions making elementary manipulations of words over K. For any a ∈ K, x, x1, x2 ∈ K∗

hd(a.x) = a tl(a.x) = x cons(a.x1, x2) = a.x2

hd(ε) = ε tl(ε) = ε cons(ε, x2) = x2.

(ii) Projections. For any n ∈ N, i ≤ n

Prni (x1, . . . , xi, . . . , xn) = xi.

(iii) Functions of structure. For any operator (including the constants treated as operators of arity 0) opi

or relation reli of arity ni we have the following initial functions:

Opi(a1.x1, . . . , ani .xni) = (opi(a1, . . . , ani)).xni

Reli(a1.x1, . . . , ani .xni) =
{

1 if reli(a1, . . . , ani)
ε otherwise.

(iv) Selection function

Selection(x, y, z) =
{

y if hd(x) = 1
z otherwise.

The set of partial recursive functions over K is the smallest set of functions f : (K∗)k → K∗ containing the
basic functions and closed under the following operations:
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(1) Composition. Assume g : (K∗)n → K∗, h1, . . . , hn : K∗ → K∗ are given partial functions. Then the
composition f : K∗ → K∗ is defined by

f(x) = g(h1(x), . . . , hn(x)).

(2) Primitive recursion. Assume h : K∗ → K∗ and g : (K∗)3 → K∗ are given partial functions. Then we
define f : (K∗)2 → K∗

f(ε, x) = h(x)

f(a.y, x) =
{

g(y, f(y, x), x) if f(y, x) 6=⊥
⊥ otherwise.

(3) Minimization. Assume g : (K∗)2 → K∗ is given. Function f : K∗ → K∗ is defined by minimization on
the first argument of g, written by f(y) = µx (g(x, y)), if:

µx (g(x, y)) =
{
⊥ if ∀t ∈ N : hd(g(0t, y)) 6= 1
1k : k = min{t | hd(g(0t, y)) = 1} otherwise.

Partial recursive functions defined without using the minimization operator are called primitive recursive.

Let’s do some remarks about theses schemas.

(i) The formal definition of function tl is actually a primitive recursive definition with no recurrence argu-
ment. However, when we introduce the notion of safe recursion in Section 6.4, this function tl needs
to be given as a priori functions in order to be applied to safe arguments, and not only to normal
arguments. For the sake of coherence, we give it here as an a priori function as well.

(ii) Note that primitive recursive functions are total functions whereas partial recursive functions may be
partial functions.

(iii) The operation of minimization on the first argument of g returns the smallest word in {1}∗ satisfying
a given property. The reason why it does not return a smallest word made of any letter in K is to
ensure determinism, and therefore computability. On a structure where NP is not decidable, such
a non-deterministic minimization may not be computable by a BSS machine, which is in essence
deterministic.

(iv) In the definition of composition, primitive recursion, and minimization above we have taken arguments
x, y ∈ K∗. This is to simplify notations. To be fully formal, we should allow for arguments in (K∗)p

with p ≥ 1. We will adopt these simplifications all throughout this paper since the proofs for the fully
formal case would not be different: just notationally more involved.

(v) In the definition of primitive recursion, the variable a in front of the recurrence argument a.y does
not appear as argument of the function g. The first reason for this is the need of consistency among
argument types: a is a single element in K whereas all arguments need to be words in K∗. The second
reason is that g may still depend on the value of the first element of y.

(vi) Our definition of primitive recursion and of minimization is slightly different from the one found in
[Blum et al., 1989]. In this paper, the authors introduce a special integer argument for every function,
which is used to control recursion and minimization, and consider the other arguments as simple
elements in K. Their functions are of type f : N × Kk → Kl. Therefore, they only capture finite
dimensional functions. It is known that over the real numbers with +,−, ∗ operators finite dimensional
functions are equivalent to non-finite dimensional functions (see [Michaux, 1989]). But this is not true
over other structures, for instance Z/2Z. Our choice is to consider arguments as words of elements in
K, and to use the length of the arguments to control recursion and minimization. This allows us to
capture non-finite dimensional functions over arbitrary structures.

Observe that over structure {{0, 1},=,0,1}, our partial recursive (resp. primitive recursive) functions
coincide with the classical partial recursive (resp. primitive recursive) functions.
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6.3.2 Characterization of Computable Functions

We proved the following result in [Bournez et al., 2002], [Bournez et al., 2003]. This is reprinted in journal
[Bournez et al., 2005a].

Theorem 1 Over any structure K = (K, op1, · · · , opk, rel1, · · · , rell, {ci}i∈I ,0,1), a function is BSS com-
putable if and only if it can be defined as a partial recursive function over K.

6.4 Polynomial Time

We now present a characterization of polynomial time. To do so, we extend to an arbitrary structure K the
notion of safe recursive function over the natural numbers defined by Bellantoni and Cook in their seminal
paper [Bellantoni and Cook, 1992].

6.4.1 Safe Recursive Functions

Example 1 Consider the following function

exp(x) = 12|x|

which computes in unary the exponential. It can be easily defined with primitive recursion by

Cons(ε, y) = y

Cons(a.x, y) = cons(a,Cons(x, y))
exp(ε) = 1

exp(a.x) = Cons(exp(x), exp(x)).

On the other hand, note that exp 6∈ FPK since the computed value is exponentially large in the size of its
argument. The goal of this section is to introduce a restricted version of recursion not allowing for this
exponential growth.

Safe recursive functions are defined in a similar manner as primitive recursive functions. However, fol-
lowing [Bellantoni and Cook, 1992], safe recursive functions have two different types of arguments, each of
them having different properties and purposes. The first type of argument, called normal, is similar to the
arguments of the previously defined partial recursive and primitive recursive functions, since it can be used
to make basic computation steps or to control recursion. The second type of argument, called safe, can not
be used to control recursion. In a recursion, the recurrence argument can only be in safe position. We will
see that this distinction between safe and normal arguments ensures that safe recursive functions can be
computed in polynomial time.

To emphasize the distinction between normal and safe variables we will write f : N × S → R where N
indicates the domain of the normal arguments and S that of the safe arguments. If all the arguments of f
are of one kind, say safe, we will write ∅ in the place of N . Also, if x and y are these arguments, we will
write f(x; y) separating them by a semicolon “;”. Normal arguments are placed at the left of the semicolon
and safe arguments at its right.

We define now safe recursive functions. To do so, we consider the set of basic safe functions that are the
basic functions of Definition 5 with the feature that their arguments are all safe.

Definition 6 The set of safe recursive functions over K is the smallest set of functions f : (K∗)p× (K∗)q →
K∗ containing the basic safe functions, and closed under the following operations:
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(1) Safe composition. Assume g : (K∗)m × (K∗)n → K∗, h1, . . . , hm : K∗ × ∅ → K∗ and hm+1, . . . , hm+n :
K∗ × K∗ → K∗ are given safe recursive functions. Then their safe composition is the function f :
K∗ ×K∗ → K∗ defined by

f(x; y) = g (h1(x; ), . . . , hm(x; ); hm+1(x; y), . . . , hm+n(x; y)) .

(2) Safe recursion. Assume h : K∗ ×K∗ → K∗ and g : (K∗)2 × (K∗)2 → K∗ are given functions. Function
f : (K∗)2 ×K∗ → K∗ can then be defined by safe recursion:

f(ε, x; y) = h(x; y)
f(a.z, x; y) = g(z, x; f(z, x; y), y)

Let’s do some remarks.

(i) Using safe composition it is possible to “move” an argument from a normal position to a safe position,
whereas the reverse is forbidden. For example, assume g : K∗ × (K∗)2 → K∗ is a given function. One
can then define with safe composition a function f given by f(x, y; z) = g(x; y, z) but a definition like
f(x; y, z) = g(x, y; z) is not valid.

(ii) Note that it is impossible to turn the definition of exp in Example 1 into a safe recursion scheme.
Cons(x; y) and Cons(x, y; ) can be defined as follows:

Cons(ε; y) = y

Cons(a.x; y) = cons(; a,Cons(x; y))
Cons(ε, y; ) = y

Cons(a.x, y; ) = cons(; a,Cons(x, y; ))

However, exp can not be defined, since this would need the use of the recurrence argument exp(x)
as a normal argument of function Cons, which is forbidden. This obstruction is at the basis of the
equivalence between safe recursion and polynomial time computability.

6.4.2 Characterization of Polynomial Time

We proved the following result in conferences [Bournez et al., 2002], [Bournez et al., 2003], and in journal
[Bournez et al., 2005a], that extends [Bellantoni and Cook, 1992] to arbitrary structures.

Theorem 2 Over any structure K = (K, op1, · · · , opk, rel1, · · · , rell, {ci}i∈I ,0,1), a function is computed in
polynomial time by a BSS machine if and only if it can be defined as a safe recursive function over K.

6.5 Parallel Polynomial Time

6.5.1 Definitions

The reader can find in [Blum et al., 1998] the definition of parallel machine over a structure K. We will not
give formal definitions here3, and we let the reader refer to [Blum et al., 1998].

Definition 7 FPARK is the class of functions f computable in polynomial time by a parallel machine using
an exponentially bounded number of processors and such that |f(x)| = |x|O(1) for all x ∈ K∗.

Refer to [Bournez et al., 2005a] for a definition of this class in terms of circuits, without reference to a
notion of parallel machine.

3The exposition on parallelism in [Blum et al., 1998, Chapter 18] is for K the real numbers but the definition of parallel
machine carry on to arbitrary structures.
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6.5.2 Safe Recursion with Substitutions

Definition 8 The set of functions defined with safe recursion with substitutions over K is the smallest set
of functions f : (K∗)p × (K∗)q → K∗, containing the basic safe functions, and closed under safe composition
and the following operation:

Safe recursion with substitutions. Let h : K∗× (K∗)2 → K∗, g : (K∗)2× (K∗)l+1 → K∗, and σj : ∅×K∗ →
K∗ for 0 < j ≤ l be safe recursive functions.

Function f : (K)2 × (K∗)2 → K∗ is defined by safe recursion with substitutions as follows:

f(ε, x;u, y), = h(x;u, y)

f(a.z, x;u, y) =

 g (z, x; f(z, x;σ1(;u), y), . . . , f(z, x;σl(;u), y), y)
if ∀j f(z, x;σj(;u), y) 6=⊥

⊥ otherwise.

The functions σj are called substitution functions.

6.5.3 Characterization of Parallel Polynomial Time

We proved the following result in papers [Bournez et al., 2003], [Bournez et al., 2005a]. These results extends
[Leivant and Marion, 1995] to an arbitrary structure.

Theorem 3 Over any structure K = (K, op1, · · · , opk, rel1, · · · , rell, {ci}i∈I ,0,1), a function is computed in
parallel polynomial time by a BSS machine if and only if it can be defined as a safe recursive function with
substitutions over K.

Observe that, unlike Leivant and Marion, Theorem 4 characterizes parallel polynomial time and not
polynomial space: for classical complexity both classes correspond. However over arbitrary structures, this
is not true, since the notion of working space may be meaningless: as pointed out by Michaux [Michaux, 1989],
on some structures like (R,+,−, ∗,≤,0,1), any computable function can be computed in constant working
space. However, in the classical case, one has FPAR= FPSPACE.

6.6 Polynomial Hierarchy

6.6.1 Definitions

As in the classical setting, the polynomial hierarchy over a given structure K can be defined in several
equivalent ways, including syntactic descriptions, or semantic definitions by successive relativizations of
non-deterministic polynomial time (see [Blum et al., 1998]).

Recall some basic complexity classes:

• PK is the class of problems over K decided in polynomial time. We denote by FPK the class of functions
over K computed in polynomial time.

• A decision problem A is in NPK if and only if there exists a decision problem B in PK and a polynomial
pB such that x ∈ A if and only if there exists y ∈ K∗ with |y| ≤ pB(|x|) satisfying (x, y) ∈ B.

• A decision problem A is in coNPK if and only if there exists a decision problem B in PK and a
polynomial pB such that x ∈ A if and only if for all y ∈ K∗ with |y| ≤ PB(|x|), (x, y) is in B.

Definition 9 Let Σ0
K = PK and, for i ≥ 1, Σi

K = NPΣi−1
K

K , Πi
K = coNPΣi−1

K
K .

The polynomial time hierarchy over K is PHK =
⋃∞

i=0 Σi
K =

⋃∞
i=0 Πi

K.
A function is in F∆i

K if it computable in polynomial time by a machine over K which queries an oracle

in Σi
K. That is, F∆i

K = FPΣi
K

K = FPΠi
K

K .
The functional polynomial time hierarchy over K is FPHK =

⋃∞
i=0 F∆i

K.
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Extending the classical notion of polynomial time reduction between decision problems, complete prob-
lems for every of the Σi

K and Πi
K have been shown to exist [Blum et al., 1998], [Poizat, 1995].

6.6.2 Safe Recursion with Predicative Minimization

In the spirit of [Bellantoni, 1994], , we now introduce the notion of predicative minimization.

Definition 10 Given h : K∗ × (K∗)2 → K∗, we define f : K∗ × K∗ → K by predicative minimization as
follows

f(x; a) =

ε

b(h(x; a, b)) =
{

1 if there exists b ∈ K∗ such that h(x; a, b) = 0
0 otherwise.

We now introduce new sets of functions.

Definition 11 Let F be a class of BC functions. The set of restricted safe recursive functions relative to F
over K, denoted by RSRK(F), is the smallest set of functions containing the basic safe functions and F, and
closed under the following restricted safe composition scheme

f(x; y) = g (h1(x; ), . . . , hm(x; ); hm+1(x; y), . . . , hm+n(x; y)) .

where the hi belong to RSRK(F) and g to SRK, and the following restricted safe recursion scheme

f(ε, x; y) = h(x; y)
f(a.z, x; y) = g(z, x; f(z, x; y), y)

where h belongs to RSRK(F) and g to SRK. This implies that no function in F\SRK may be involved in the
definition of g.

Definition 12 Assume F is a class of functions: a function f is in

ε

F if it is defined with one predicative
minimization over a function h of F.

We define by induction the following sets:

• F0
K = SRK.

• Fi+1
K = RSRK(Fi

K
⋃ ε

Fi
K), for i ≥ 0.

We denote by

ε

PHK =
⋃

i∈N Fi
K the closure of the basic safe functions over K under the application of

restricted safe recursion, predicative minimization and safe composition.

6.6.3 Characterization of the Polynomial Hierarchy

We proved the following result in papers [Bournez et al., 2003], [Bournez et al., 2005a].

Theorem 4 A function: (K∗)n × ∅ → K∗ belongs to F∆i
K if and only if it is defined in Fi

K.

Corollary 1 A decision problem over K belongs to PHK if and only if its characteristic function is defined
in

ε

PHK.

10



6.7 Digital Polynomial Hierarchy

6.7.1 Definitions

In this digital version of the polynomial hierarchy, witnesses for a given problem are discrete choices among
given values, and not arbitrary elements of the structure. As in the previous section, complete problems
have been shown to exist for every level of this hierarchy [Blum et al., 1998].

Definition 13 A set S ⊆ K∗ belongs to DNPK if and only if there exist a polynomial p and a polynomial
time BSS machine M over K such that, for all x ∈ K∗,

x ∈ S ⇔ ∃y ∈ {0,1}∗ s.t. |y| ≤ p(|x|) and M accepts (x, y).

Let DΣ0
K = PK and, for i ≥ 1, DΣi

K = DNPDΣi−1
K

K , DΠi
K = coDNPDΣi−1

K
K .

The digital polynomial time hierarchy is DPHK =
⋃∞

i=0 DΣi
K =

⋃∞
i=0 DΠi

K.
A function is in DF∆i

K if it computable in polynomial time by a machine over K which queries an oracle

in DΣi
K. That is, DF∆i

K = FPDΣi
K

K = FPDΠi
K

K .
The functional digital polynomial time hierarchy is DFPHK =

⋃∞
i=0 DF∆i

K.

6.7.2 Safe Recursion with Digital Predicative Minimization

Similarly to the notion of predicative minimization of the previous section, we introduce the notion of digital
predicative minimization.

Definition 14 Given h : K∗ × (K∗)2 → K∗, we define f : K∗ ×K∗ → K by digital predicative minimization
as follows

f(x; a) =

ε
D
b(h(x; a, b)) =

{
1 if there exists b ∈ {0,1}∗ such that h(x; a, b) = 0
0 otherwise.

Definition 15 Let F be a class of functions. A function f is in

ε

D
F if it is defined with one predicative

minimization over a function h of F.
We define by induction the following sets:

• dF0
K = SRK

• dFi+1
K = RSRK(dFi

K
⋃ ε

D
Fi
K), for i ≥ 0.

We denote by

ε

D
PHK the closure of the basic safe functions over K under the application of projections,

restricted safe recursion, digital predicative minimization and safe composition.

6.7.3 Characterization of Polynomial Digital Hierarchy

We proved the following result in [Bournez et al., 2003], [Bournez et al., 2005a].

Theorem 5 A function: (K∗)n × ∅ → K∗ belongs to DF∆i
K if and only if it is defined in dFi

K.

Corollary 2 A decision problem over K belongs to DPHK if and only if its characteristic function is defined
in

ε

D
DPHK.

When considering finite structures, this naturally yields a characterization of the classical polynomial
hierarchy alternative to the one found in [Bellantoni, 1994].

Corollary 3 A decision problem belongs to PH if and only if its characteristic function is defined inε

D
DPH{0,1}.
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6.8 Polynomial Alternating Time

6.8.1 Definitions

Definition 16 A set S ⊆ K∗ belongs to PATK (polynomial alternating time) if and only if there exist a
polynomial function q : N → N and a polynomial time BSS machine MS over K such that, for all x ∈ K∗,

x ∈ S ⇔ ∃a1 ∈ K ∀b1 ∈ K . . . ∃aq(|x|) ∈ K ∀bq(|x|) ∈ K
MS accepts (x, a1.b1 . . . aq(|x|).bq(|x|)).

In addition, we define FPATK = FPPATK
K .

When K is the structure {{0, 1},=,0,1}, PATK is PSPACE.
It is important to note that the number of quantifier alternations is not fixed, but depends on the length

of the input and is polynomial in that length. It follows that PHK ⊆ PATK.

6.8.2 Safe Recursion with Predicative Substitutions

Definition 17 Given h : K∗ × (K∗)2 → K∗, we define f : K∗ × K∗ → K by predicative substitution as
follows

f(x; a) =

ε[1]c(h(x; a, c)) =
{

1 if there exists c ∈ K such that h(x; a, c) = 0
0 otherwise.

Definition 18 Assume h : K∗× (K∗)2 → K∗ and g : (K∗)2× (K∗)2 → K∗ are given functions. The function
f : (K∗)2 × (K∗)2 → K∗ is defined by safe recursion with predicative substitutions as follows

f(ε, x;u, y) = h(x;u, y)

f(a.z, x;u, y) = g(z, x;

ε[1]c(f(z, x; c.u, y)), y).

Definition 19 The set

ε[1]PATK of safe recursive functions with predicative substitutions over K is the
closure of the basic safe functions under the application of safe composition, safe recursion and safe recursion
with predicative substitutions.

6.8.3 Characterization of Polynomial Alternating Time

We proved the following result in papers [Bournez et al., 2004b], [Bournez et al., 2006].

Theorem 6 Over any structure

K = (K, op1, · · · , opk, rel1, · · · , rell, {ci}i∈I ,0,1) ,

A function is computed in FPATK if and only if it can be defined in

ε[1]PATK.

6.9 Digital Polynomial Alternating Time

6.9.1 Definitions

The class DPATK is defined similarly to PATK but with all quantified variables belonging to {0,1}. Similarly,
we can define DFPATK = FPDPATK

K .

12



6.9.2 Safe Recursion with Digital Predicative Substitutions

Similarly to the notion of predicative substitution, we define the notion of digital predicative substitution.

Definition 20 Given h : K∗ × (K∗)2 → K∗, we define f : K∗ ×K∗ → K by predicative substitution,

f(x; a) =

ε[1]
D

c(h(x; a, c)) =
{

1 if there exists c ∈ {0,1} such that h(x; a, c) = 0
0 otherwise.

Definition 21 Assume h : K∗× (K∗)2 → K∗ and g : (K∗)2× (K∗)2 → K∗ are given functions. The function
f : (K∗)2 × (K∗)2 → K∗ is defined by safe recursion with digital predicative substitutions as follows

f(ε, x;u, y) = h(x;u, y)

f(a.z, x;u, y) = g(z, x;

ε[1]
D

cf(z, x; c.u, y), y).

Definition 22 The set

ε[1]
D

PATK of safe recursive functions with digital predicative substitutions over K
is the closure of the basic safe functions under the application of safe composition, safe recursion and safe
recursion with digital predicative substitutions.

6.9.3 Characterization of Digital Polynomial Alternating Time

We proved the following in papers [Bournez et al., 2004b], [Bournez et al., 2006].

Theorem 7 Over any structure

K = (K, op1, · · · , opk, rel1, · · · , rell, {ci}i∈I ,0,1) ,

A function is computed in DFPATK if and only if it can be defined in

ε[1]DPATK.

When restricted to finite structures, this yields another characterization of PSPACE.

Corollary 4 A set S ⊂ {0, 1}∗ is in PSPACE if and only if its characteristic function can be defined inε[1]DPAT{0,1}.

6.9.4 An Alternative Characterization

An alternative characterization is possible, based on our previous characterization of PARK. Some small
restrictions on the type of the functions involved in the recursion scheme yield another characterization of
DPATK.

Definition 23 We call pseudo logical function any function in the closure of operations of arity 0 (con-
stants), projections and the selector function Select under the application of safe composition.

Since no recursion and no tl function is involved in the definition of a pseudo logical function, its output
depends only on the value of the first letter of its arguments, more precisely, on whether these are 1 or not
since no relation is allowed either.

13



Definition 24 Assume h : K∗ × K∗ → K∗ is a given function, g : (K∗)2 × (K∗)2 → K∗ is a pseudo logical
function, and σ1, σ2 : ∅ × K∗ → K∗ are safe recursive functions. Function f : K∗ × K∗ → K∗ can then be
defined by safe recursion with digital substitutions:

f(ε, x;u) = h(x;u)
f(a.z, x;u) = g(z, x; f(z, x;σ1(;u)), f(z, x;σ2(;u))).

We define the set of safe recursive functions with digital substitutions to be the closure of the basic safe
functions under the application of safe composition, safe recursion and safe recursion with digital substitu-
tions.

An alternative characterization is given by the following theorem presented in [Bournez et al., 2004b],
[Bournez et al., 2006].

Theorem 8 Over any structure

K = (K, op1, · · · , opk, rel1, · · · , rell, {ci}i∈I ,0,1) ,

a function is in DFPATK if and only if it can be defined as a safe recursive functions with digital substitutions
over K.

When K is a finite structure, i.e., when considering classical complexity, this characterization coincides
with our previous characterization of PARK in [Bournez et al., 2003], and captures PSPACE.
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